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I closely follow Chaps 2,3 in D
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n dimensional version proved using tensorization or

directly as above using vector calc



TheThm3.24inRvH Gaussian MLSI
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Remark The result above implies concentration for
Gaussians as below See Ruth for the proof

cly3 Thm 3.25 Gaussian con entration
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Recall that the MLS we discussed so far is
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We can in the Gaussian case rewrite this as
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This extra Inf is result in stronger concentration

results sub exponential vs subGaussian concentration

as well as stronger convergence results for M.P
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Lemma 4 Lemma 3.28 in Pull Suppose that for
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have the Poincaré inequality Vary f 2cE f f

PE See RvH B

Finally analogous to the Poincaré inequality
a Bakry Emery criterion an algebrain condition

can be used to assert the MLS 1 Below we

state the steps in the result and skip the

proofs problem 3.19 in RUH

Setting Pt a reversible and ergodic M.P with
stat measure M and semigroup generator α

Assume that the Carré du Champ C satisfies
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Let M be p strongly log concave measure

over Rd same as in the Poincaré notes 5

Then Entu F 35117112dm

Thus as in the Poincaré Inequality case we

can get convergence in KL that does not

have any dependence on dimension d


